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Objectives: This study evaluated Korean mobile health (mHealth) applications, analyzing the extent to which they
incorporated elements of health behavior theory. We aimed to classify application types and compare their
structural characteristics and quality using cluster analysis. Methods: We evaluated 238 mHealth applications from
Apple App Store and Google Play Store. Applications were assessed using the Health Care Smartphone Application
Evaluation Tool, which considers content, design, and security as the criteria for quality evaluation. Elements from
the Health Belief Model (HBM) and Theory of Planned Behavior (TPB), including perceived benefits/attitudes, cues
to action, self-efficacy/perceived behavioral control, and subjective norms, were mapped onto application
features. K-means clustering was performed using binary-coded theory elements, followed by validation and
quality comparison. Results: Three clusters were identified: information-focused (36.6%), engagement-empowered
(56.3%), and social influence-driven (7.1%) applications. Information-focused applications emphasized benefits but
lacked interactivity. Engagement-empowered applications comprised diverse theory components, and social
influence-driven applications emphasized peer influence. Application quality scores significantly differed across
clusters (p<.001), with information-focused apps scoring highest. Conclusion: mHealth applications can be
meaningfully classified based on behavioral theory integration, which is associated with quality. Integrating
structured theoretical frameworks may enhance both effectiveness and credibility of mHealth interventions.

Key words: mHealth apps, health behavior theory, Health Belief Model, Theory of Planned Behavior, cluster
analysis
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olze AdHE A 90 FF= VA, fAE 7H =
=0 B0z Aol Fast 74 84 AR

HHd A= HEEY Va3 EE%t 95 9 B A
AR Istepanian 5 (2004)°] ‘HAJEE 95t HHIY &
A DY EA 7€' A FYsiGitt. olF AR
T HHL DAE FoAS), S 2YEE 717], 719l
& OAE Bx7)7], FA7)7] S5 S8t oSH 55H
AZ Aoz FASFAHWorld Health Organization,
2017). =UWjollAl&= Ministry of Trade, Industry and
Energy (20157} ARLE dAA 0] AGEE W AR J92
E AR A 79l 9ed 17 EE ERote], 2
HH AATZE HAE dAaA0)9] S 4 24U AA
oot 22 wHkd A AR 7= 20208 9F 8609
gejger, 20259714 ABd F 37%Y =2 AEC]
A ot = HHpd AA AR ERF e SETE
18.8% gL Aoz d5Hi SIthKorea Health
Industry Development Institute, 2020).

olg|gt At A HEIA A ofEEAlIA
(mobile health applications, ©]5} mHealth ¥)< 2154
5, flofziE AlA, 1Rl =3 Hole #4 71e 5t 2
A=, 4335 AR =4 SAHE 7HsSHA ok
o Z BAskAL QItiDeniz-Garcia et al., 2023). ©]H
gt 7)e2 Tttt AE AYS Yol ARRAF 9] A%
& ®3} THgESe] Apge, o S419] 73] g
oA HAEE Holm, HA9gs9] HIA, ASA, BF
3 o= 71992 4= UH(Sharma et al., 2022).

=y @4 488t v mHealth ¥ 74
A Siol el o, o] oy, Hebd, ALg
2 AA SHolA 23 AV A1H =1L JATHGrundy,
2022). TS, =7F A9 229k B2 T A=A
gAAL] FA= <sfl, 9] F47 AAHH RS AR
Al 7)Qlo] whetsfiof ol AL A&EAQ ZAE A A x|
11 QItHGiebel et al., 2024). 7129 dHE2 J5E 4
9] 715, JAR, AREA A 5 71ed 84 3t &
Ao] 5 o|F3lon, AP soler}t 22 AAHRI o]
E &2 7|Hte g Yo] 25 EAstAY ZH A dolE
AN As EEQTHZhang & Liu, 2022). 3] =4
AF] A, FEdold folut vhgdst e g 5 IF

E2of| £k Yo et £40] FF °o|FU1, mHealth
Y Ak ZFote 12F EALS AHoE FEsit
(Lee, 2024; Na & Ahn, 2020).

mHealth ¥ T3 JE AT =45 Hol, ARAR
P5 s feste 7Y ST E AEsfof gttt ol&
elix= A7d-sol=o 7|8et AA%}F B717t E4=2o]
THSalwen-Deremer et al., 2020). A7 50|22 7jQlo]
273 HAE P52 DA A4Sk AHSHA HeAE
Argst= ol £, 4% ¥4 A9 33y 23t
£ S5 SEA 8= Utk 7 AP selEL

= A7AIE 2 g (Health Belief Model, ©|st HBM)Z} #|
2% 90| =(Theory of Planned Behavior, ©]3} TPB)°]
Ao, o]52 Q9] AE4 a1yt ARRlE o] A7}
Pl A= Y FRYLE AYT 4= Sl o|E0]
T} HBME Becker@} Rosenstock (1974)°] J3) A|Qt=
olgog JlRle ARBEE ALE WA (perceived
susceptibility), X2 AZ3(perceived severity), A2}
H 59X (perceived benefits), AZFE Aofi(perceived
barriers), ¥Y A7l(cues to action), A7|ES5Z
(self-efficacy)soll sl Z€ i 2o}

mHealth Y= ARGAHS] A7} 4733 52 F=oke
YA A T2A, 9 82057 WA A Ad
THPaganin et al., 2023). Y& &°], AEAT 7152 A&
H WHdH 7948 =ole Hl 7o 4= o, HxA
d H e 75 Alasd S40 7o & Qi
TPBOIA= 7HR1S] B5Qlert AA 5] 71 =gt o
= W40l o|= EjZ(attitude), T THH(subjective
norm), A2+ 355 A|(perceived behavioral control)ol|
ols FAHEL ErHAjzen, 1991). o[t AL AE
mHealth 9] UI/UX, #AFYE 7|5, =8 AAq 53
HsHA dgE & Utk

mHealth oAl AREA} QIEHo|AUDY E6l= A
A7t A7FFso] Ak B Fgol I £ = AoH,
A7UY 7|50y moj w2 A S QAT
29 & qirh B3 AARE 2UEE, ey, 57159
7152 A7 F5EAE =0l Hl 719 & ItHKim
et al., 2023; Palos-Sanchez et al., 2021).

A Atolla= A5l E0] mHealth 4 A0l &
HHoz AEH 4 32 Eisty Stk & =91,




Martin-Key & (2024)> HBMZ 7|¥to2 H737] o4
At AR A= AL AAE8%S A4Sk,
Tizvir 5 (2024)2 TPBE HIHC= o WHld HG4fF 1
£ @2 B9 Fs ¥st aHE STk 2= AA
Aol EA1E mHealth Y9 HhFES Bt o|&4 7]
HF glo] 7= 9lom, o= Qs ARGAMNA AlSE=
BEOy A4, A A AAE, A& AR = A=
o] Aojxo] Utk AAo] A7|= 1L tKJakob et al,
2022).

J9EE o] A= = A8 mHealth Y& L=,
73501 2(HBM 2 TPB) 84 §HY F5of it B&
T8} ok, ZF S o E Frl=0 HeA, AREAL
QIEjHo] A0 AEA, NI E B 9 Het 75 52 5
Aoz 4o A3 tAtdA o2 frtstalat g,

o|F &3l mHealth §o] AMEA} S92} ehd &
£ gui SA5] skl J=AE AP =M, IS
o[ 7|4te] ¢ /x4 3ol Rt 7EARE AT
StaA; gtk

X

1. G184

o] AT T 4§ mHealth B AFFFOIEY
F8 T4 04 W9 $2 et 4 24U 5, Z
EE P9 2L BAPHOE B NS 24

Folct.

2. Xg3Z

Az 20239 79 3Y95H 9Y7HA] Ayt

= Ed°l(Android)2t ¥ AECGO9NA P, A
7, BAE HAMol2 1,11870(Android 67570, i0S 443
Mol A7 P& HAsIALE o] F 301719 FES AlA
5132 8177H(Android 5557H, i0S 2627H)2] Hojl diste] A
T 25 oARE Aot A 23 72 EAITHA 1
| ol Yo = ol E Aot AREAF FEAE 1L
gfolo] E& ol§ 7hse Yo & stk A9 7|
o A, B 5 A0l FE F491 AR AR
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7FRs5HA] 2 H d dlw A A-go g gukelo] FHito] &
oJ5}A] %2 qfolr}, o|st 7|Fof wet FF Ao x*
k=l A7 AL Android 11871, i0S 12071E & 238719
SHFigure 1].

3. g4+ H E Gt

o] AollA= mHealth Y2 & B7HE ¥4l Jind Kim
(2015)°] 7Hdet A7 & AREE ) HrtETE &
Sttt o] 7= mHealth 99 A= % 787442 B7}
St A9t o2 d#A Qlom(Ramos et al., 2021),
E5] oA mHealth 9§ B7HIA % B2} A= =7t
A= BF ltk(Shao et al., 2024). o] T7= YEEYE
A ZRlA QRIEA, AlFE HSES AA EESIL
o, 7 GA] B7ME19) AlFZ= Cronbach’s @=.919]
Ao™(Jin & Kim, 2015), ©] ¥4 Cronbach’s e=
89013t

o] Zt= FHIZ, QIEHo]A TR, 7]&9] Al 7HA]
¥, T B3TFOE HAE] Utk 2= FIHS FJEYY
384, olsfl -Bol4, FHO AZA AAS= B7I5HH,
A Ho]A TRl FF2 A1ZHA A3, Ed=9] HE

N
Apps
identified(n=1,118) >| Apps removed before
g | | from: screening:
£ | | App Store (OS, Duplicate apps
& | | n=675) and Google removed
£ | | Play Store (Android, (n = 301)
S n=443) using search
= | | terms ‘R,
‘AxT, AR
l Apps excluded
) (n=579)
&p Research irrelevant
S | | Apps screened R il;mfli ld) within 1
® (n=817)
[3] year
1 (n=63)
__J Not available in Korean
(n=68)
v Not for general users
) (n=53)
= Server issues (n = 4)
< | | Apps included in
% analysis (n = 238, i0S
2 118, Android 120)

[Figure 1] Flow diagram of mHealth app selection and
screening process
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4. HUWSO|Z 24 BA

™=

HBM3} TPBY] 58 T4 247} mHealth ] oE4
stegElo] QA BAel] 9Ft B4 B2, BY FES
HlErO 2 %012 uldHst & 7t sk} w4 9 oxg dA
Rop #E7L 5908 T4E WEsL hde] AE 2 gl
S AA 2F FsioH, g BRE=AR(CV)=
860131t

e B B2 ) 71 oA MRS EYSHL ik
A, AZKE SHHBM 3} B|=(TPR) R4 o] A

Sole AR Hehy, wa Fdl=o] mypy, JB|u

| St 5784 A4e Fieshe HAIAS] 29t o
£ 7IE20 = WUk EA, AV S5 dHBM) B A2
H PESATPR) & AHAVE 5580 Adqse =+
B 5 A= Addhes 7159 e TEsileH, o
Zlole A71% 715, 2 24, U= AT 75 5Ol
okt A, " A7I(cues to action)= FURRIE,
A EH, ARUE 715 53 2ol FEE S5k 94

ATo| AT ojRE |F08 RS} sAjuto s,

4 1l (subjective norm)'= AREAL 7+ S &S, Bl
o] ooy H7t AlE, AU E 71HE v=m Al AE ] A
d ojng 4o st

AZYTolE 849 7t AFes gHstr] 95,
T o EE 97 15709 st o ARd
7V AAlstlon, 7kt 7+ A== Cohen's £=.83
oJ3ict.

5. X=zE4

o] JoA A= A== IBM SPSS Statistics version
20.0 T2 1L ARLsto] BAslgon, EAA 99 &

20 052 AASIT) Wo] Aukdy EAL Hlwo} wEHg
—% o83t 7|&EA R BAslg, B9 @ Wt Hey)
E%J?_'F— &St 7lestat

A7dBs0IE 249 RHYG AFAZE F4/HE, B
A A 1 A7 BT/ AZE B B4 204 )2
—fr_i mHealth ¥& {F3l5l7] Yaf v|AZH K-BH

:Llj

REA(K-means cluster analysis)& AA3ART 2} o]
E .9—1—% 23t of fof wet o|Z MR A5t om, F
2P AL 7|Hte R ¥HE d1EEE B9 A =

point)}= 7]_,___2,_ AA5IAT).

4 49 B FHEE flol, 24 7 17EEol
T4 849 xF off Folof| s 7iojAlF
(chi-square testrZ AAISH 23 BAHCE [l
7F UehK(p<.001) W4 Bges 29l o}%lﬁ}. EF
wA0f| bR o2 4] 4 Bt A
AHEA(one-way ANOVA)OIA = 3 Z_P -,OTQ]U]?_ 2}
LERHpC.001), &4 B3 JA] SEE]ITH

AF = 55 98 A4 dlolHE TR + 9
2 Y5o] split-sample replicability 4 *a]/\];}oﬂ_’
7+ 519 Aee] I SAE A4 Hole Y 4 4
2k Pearson A#AGTE 4AHE5I9IH 11 23 £ ;quﬂ
Al A AH(=1.000), =2 AN = S &=
o] AH(=.625)°] et 2 49 AFes ;ﬂ‘ﬂ'z—iﬂ
& ZHg Aow wsiith

o Fdo2 o
O, ox rf

K
SoAr o
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. ¢i7Za 3, ol A A fdol =2 itFigure 2.
A FY 7 AFBEOIE ahe] EF IS B 5
1. mHealth 40| QHE £ 2o fol|et Xjolg BATHp001) (Table 2.

AZtE Fold/HEe BEETHB02.0%)F Fof7dat
A 23871°] mHealth 9 & Android 7IRF 2 11878 g(g7 39904 e @2 Velkou, Al ge|ud
(49.6%)°112™ 108 718 A2 12070(50.4%) At 7 oA 52.9%2 Ao R Wt +=18.75, p(.001).
FAl= 9710l 87.8%=2 7P WAL /IR K A o] Ar= Fozelast Agdsilurado)d me
2/IRH7.602 /M9l AIAHL60 M= AHALE 00y wekE uid FRZAF AL 19.5%0] Bt
RO 9] 38 542 AR (@500 BEST A (217212, x}001). A EER/AZE BEEAL
AB5.7%)°] tF-2 o1, 1 9f A4 AHH(1L3%), A ogzsislo] 100%z P =9rod.  Alg|gsk|ulb
ARG.5%), A8H1.3%), 373H1.3% SOl ANt (29497} FRZAH(9.2%) L AHHO T Yo 2z 1
°l2 849 23 RS AHEY, AZ7E R/ HEE  oek(,%192.20, p(001). ZTA FHL AL IRk
2067H(80.6%)2] oA AR 4= Slglem, W AVl o 9419z SeERT, FolTRL 27.6%, HHZA
(70.6%). A71Bd/A74E Bs SAGL8%)., FHA 7T go m3heln] AQIeHo%)(#=77.83, p.001).
$(22.3%)9] =C2 YERHTKTable 1).

3. ¥ [0 S Tty A Mol B FIt Hlw

N

W T HYBSOIZ 7Y 24 EX 2y

mHealth 949 @ 371 B4 24 1 BE JHEH
o
o

< 238709 mHealth W= W= 8 242 AA = gajel, Hol 2A)A EAHOR 905t Zjo|2 B
gt A3}, AR A 7o EZRAT B WS e & orkTable 3).
A7h dHos REd JRSAHY, WA 5718 Y

o HARZAY WL Ze12(17.367/254), tA1(24.88%/
=

ofe fase] A oR WYd Holdsd, AR 4 3379) mok1.974/37), $H(44.218/618)014 BE 7}
SAET oA BT Ao o] FEAI ABIGFITE g o maz s)=sigion, Bonferroni AFEAA 2

(Table 1) Descriptive characteristics of included mHealth apps

Characteristics Categories n %)
Platform Android 118 (49.6)
iOS 120 (50.4)
Developer type Individual 11 ( 4.6)
Commercial organization 209 (87.8)
Medical / public institution 18 ( 7.6)
Purpose of apps Awareness enhancement 27 (11.3)
Disease management 3(1.3)
Health management 107 (45.0)
Health screening 13 (5.5
Lifestyle modification 85 (35.7)
Symptom management 3(1.3)
Inclusion of theoretical constructs’ Perceived benefit / attitude 206 (86.0)
Cues to action 168 (70.6)
Self-efficacy / perceived behavioral control 147 (61.8)
Subjective norm 53 (22.3)

Notes. T Multiple attributes coded; N=238
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[Figure 2] Multidimensional scaling (MDS) plot of mHealth apps based on health belief model construct clustering

(Table 2) Distribution of constructs from Health Behavior Theories among app clusters

Unit: n (%)

Cluster 1 Cluster 2 Cluster 3
Information Engagement Social influence
Cetieeny -focused -empowered -driven 7 P
(n=87, 36.6%) (n=134, 56.3%) (=17, 7.1%)

Perceived benefit / attitude (yes) 80 (92.0) 117 ( 87.3) 9 (529 18.75 <.001
Cues to action (yes) 17 (19.5) 134 (100.0) 17 (100.0) 172.12 .001
Self-efficacy / perceived behavioral 8 (92) 134 (100.0) 5 (29.4) 192.29 <001
control (yes)

Subjective norm (yes) 0 (0.0 37 ( 27.6) 16 (1 94.1) 77.83 <.001

Notes. T Multiple attributes coded; N=238
(Table 3) Comparison of mHealth app quality scores among clusters
Unit: Mean%SD
. Cluster 1 Cluster 2 Cluster 3
ot . 0l g
Category (=238, Inf;)rmatlon Engagement Social 1‘nﬂuence 7 P
100%) -focused -empowered -driven
(n=87, 36.6%) (n=134, 56.3%) (=17, 7.1%)

Contents (25) 16.17+3.47 17.36+3.27 15.41+3.43 16.06+3.26 8.914 <.001
Designs (33) 24.07+3.24 24.88+3.08 23.57+£3.19 23.39+3.80 4.754 .009
Security (3) 1.67+1.26 1.97+£1.17 1.46+1.28 1.79+1.34 4.555 .011
Total score (61) 41.87+6.89 44.21+6.21 40.44+6.87 41.25+7.55 8.461 <.001

Notes. ' Bonferroni post hoc tests showed Cluster 1 ) Cluster 2 across all domains; N=238



ol %J FoABSPE} BE JGolA FoolA
= ERATHC.001~.011). 3401 3ol Zel=

(15 41%) HOK1.46%), F(40.44)01A A o2 7}
32 AFE E@OH% ARl 97 |9HE -2 T AR1(23.39

AellA 71 E2 des EA
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#olg B4slo], o
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24 43, ) mHealth Y] TRE-E 43%)7|70] o
3 Zprsigon, B27| ol olarle] AL uajet
S0 Blgt 4 S ol A ) A o
2 Apgo] A9 5718 FAloR WA BE T e
2 AAfSIE, Q1R QoA e A olg HEst
o S8 WIEA ke e 1T Bast 9
o AR 4914 Q0] A AH8R $A19) ol B
2 S4INjslo] ol 75t A o7 AR} o] glo] )
9hel= A7) Qe Ao & B EATHArigo et al., 2019;
Pereira-Azevedo et al., 2015; Pires et al., 2020). 182
2 23787 o)g7]zo] Feielo] A=l Tt el
o] Bt 735k A A A AS vlsls Ao] uiekzlst
o, o] A7} Holo] A3 gulE T W] Y5t 7]
wo] g % 9l

o2 AL AR FEY ABBAAE vtein B,
7 2] e AaEolE, G, el
T S B A 7 A Fol=der & o))
st g9t ME]'(FTGY et al., 2025). T3 SA] o= F7]
%3] Qelo|= Alute AR} AR 7A7|Bo] Holhe
o s AAE Leior & Aol

o] AtollA HAPEolE 84 i EARE A3t
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FES A= AR iRl 23k ek Ho 454
o2 B AL BRTS AN

ARl i} b Wk JiR10) A A E
A, 53] B52 AT At W ARAA Fgoll T8
St 93kZ St(Dahlke et al., 2015). 12|22 mHealth
H AA A o]2fet A 84F TS AL B
Hel s Sidlels d ol & 4
Bandura (2004)9] AFR]QIA[O1 &2 ARR14 2 9 Ak o
Hol 7il 5ol vA= dFES AAX R drgsi,
T AT 221 9 HHY SHgollA AR 21X 2}
HEYZ7F A353 59 A& 344 F&F= vxt
1 BI5k QJck(Alluhaidan et al.,, 2023; Yin et al.,
2021).

olo]] mHealth §§ 7H¥-2 ©@<=35] 7HQ19] 57] Folof =
HL B ] T4 9w, A AIE S ot
A WS wde 715 FH2E AS408 FHdfoF
ek Ol R 7 O W) 4t
£ B Aste o 583 92 T Aotk FFEA

ok

r°l'

A3}, A7 7ol g/ H % gl Zﬂ YoM Hlaa E=A ¥
Hhd, 9 A7), A asd, FuE e 2 TR
Tl T Aol E} ol ¥ 75 4 %

of

ol w2t £4 o] 349 4 F=rt gt
o= A& A]*}ﬁ}E}(Spohrer et al., 2021).
g =0, FEFHT W2 F= 07 JEE FX3l6}
of Algsh= tﬂ 5ot JAAA HQAE FEoHARE AR
Al P X—PS Feohs 71 49, HE 52 At
Aog HEsitt v Joidaly d2 5 44, &9
RA=LL 1}7] HUHY 5 P& ¥k 725 A% AEA
AAE ZISHARE AH Aoy A A RA] 84
dides nEd 4 Art. AR FFTIEE B2 AREA
o, 55 51 24, AwUE 7ls T AR 571 A
3lof| S8 7L Qlof, 5ol thgt AkRlE Aoyt 4
A4 Q47F FEHZIH
o|gst ZAIk= mHealth ¥ AA

_hL

o of i
J
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g 571 Aol s s, vt dddeelE
[QAE /\}_9_;(]. J,]. Eﬁoﬂ u]-;ﬂ Eﬁ-z% Ao H]—Oﬂ o].J:

o] Y] EIIF A& 73S Eole dl 71998 &
= AR B3 N dAM Edl= AF, W
=4 7T, ARl A2 HiAUS 55 HEsiste] 49 =
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3} i kol wet fAsHA 24 5 J=s A5t
A2, o274 FdH 44 AYEE FAlO] 13T
AUe BAAQ] Mo ® AAHHLim et al., 2021).
ojgfgt FZ AMAL F4 AAlet B3 HAE EA
Aol 71& L9 F848S BxT 7|E& AFECIAE A
A=) JcHBaumel et al., 2019; Salwen-Deremer et
al., 2020). §3] Baumel 5 (2019 HAE A=A 7L
oA Pt 78 HES 2T ARA BHEE 7ol
7Fsotckal Aotel o, Salwen-Deremer 5 (2020)2
A Qo] B o] 340 ALA|7|HT tefet 8429
73 Q= ol A SRl 7]ofekE AR5
o] A oA HEFAHY P2 Fel=, HARl, Hel 5

AHEFHQ) A BAAGIA] 71 St 14 WS W, o]

&
-
=
.
A
-

(2018)9] A} YA|5k=tl, °l&2 mHealth 7|8 ¥4
HUEE 7|&of|A AREA} g Aol 8 8Q10 &
EZSE QlEHolA, B2 ARG, i) AE Ho ZAE
A 451t

E5] ol AolA] o7tk 4 Het FaT A

ERt H2 Rezaee 5 (2023)9] 41 WS o] qith
g Aol H=H 22| mHealth Y2 H3t 7|5 +

= SR T, AR QIF, 45s}, ZEolHA] 1L
Al 5 YA HQE 49| mjH|7L HIHEE Ao R YETh
(Rezaee et al., 2023). T&}A mHealth ¢ 7iE Alofl+= 3
5 MY 715 Akt gEo] B 7S 27] A HAR
B o, JQIEE 7 XAas) gt 14 4 59
YHE HLol= Fo] Qi Ed] Fojgsly Fe
MY Bdb= fAISHE, #4715 SHoE 125 7H4s)
Sk, Hot AAE ¥ 50k Ao] 87H: of2[gt
w2 AA= ARRAL AE] SHEe} X4 7hett EE= 9

S HAE FoF ASE AR Ay XX E B_E St
A, 4ol HJHE At dEHo|A B0 R Qs A4
Al HGol Aleks Aok 87 Bh(iang et al.,
2024). ol=gt ARGAL EAE ILESHA] U2 AFA Tl
AA= Q5|9 HiAlet AEARE AR 4= Sl

webA AR FF7IHE B2 ARUE 7= SHoE
Sk], AREAF SAY AME HOAE TRt AR 24 2
7] 24, 34 < T 22 F24 3 93-S vkl
of & Aot} &3], ARUYE 7[5t 7|52 thdet A%, Al
o tAd gF 22 123 w5y A E B UAE
lzzt Ao} HLA TAE Edljof shH, o]= HAE
YA 7)e0] J5EA BN HHEA A7FEA 0] AdH
o= 7]ofsl7] figt E4 270 R FFRETHAhmed et
al., 2025).

o] A= thadt &2 o9& 7tk AA, & A=
7129] 178501 2HBM ¥ TPB) 7[5t A+=0] = 4
TERARE B9l AREARY] 9 ARE A=Y HEE B4 ok
o 159 SAE o, AAl f-5 52 mHealth Y9
20} 7|52 SHOE AP solE 849 HE AxE
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